Abstract -Determining the proper knowledge management strategies is important to make sure that the alignment of organizational Procedures and the knowledge managementrelated Information produces effective creation, sharing and utilization of knowledge. Data sets in the form of vague values sometimes make the decision process very complicated and unstructured. Besides the fuzzy sets theory, vague sets theory is one of the methods used to deal with uncertain information and vague sets can provide more information than fuzzy sets. The purpose of this research is determining the knowledge management strategy of transforming vague values into fuzzy values using various techniques proposed in the literature and to propose a new method to calculate the correlation coefficient between vague sets. Numerical illustrations are given to support the proposed theory.
I. INTRODUCTION
Since fuzzy set (FSs) theory was introduced, several new concepts of higher-order FSs have been proposed. Among them, intuitionistic fuzzy sets (IFSs), proposed by Atanassov (1986; 1989) , provide a flexible mathematical framework to cope, besides the presence of vagueness, with the hesitancy originating from imperfect or imprecise information. A Vague Set (VS), as well as an Intuitionistic Fuzzy Set (IFS), is a further generalization of a FS. Instead of using point-based membership as in FSs, interval-based membership is used in a VS. The interval-based membership in VSs is more expressive in capturing vagueness of data. In the literature, the notions of IFSs and VSs are regarded as equivalent, in the sense that an IFS is isomorphic to a VS (Bustince&Burillo, 1996) . Furthermore, due to such equivalence and IFSs being earlier known as a tradition, the interesting features for handling vague data that are unique to VSs are largely ignored. The fuzzy set A in the universe of discourse U, U={u 1 ,u 2 ,...,u n }, is a set of ordered pairs {(u 1 ,μ A (u 1 )),(u 2 , μ A (u 2 )),...,(u n ,μ A (u n ))}, where μ A is the membership function of the fuzzy set A,μ A :U→[0, 1], and μ A (u i ) indicates the grade of membership of u i in A. It is obvious that for all u i in U, the membership value μ A (u i ) is a single value between zero and one. Gau&Buehrer, (1994) pointed out that this single value combines the evidence for u i in U and the evidence against u i in U, without indicating how much there is of each. They also pointed out that the single number tells us nothing about its accuracy. Thus Gau&Buehrer, (1994) presented the concepts of vague sets. They used a truth-membership function t A and false-membership function f A to characterize the lower bound on μ A . These lower bounds are used to create a subinterval on The main contributions of this paper are fourfold. First, we examine in more diversified ways, the notions of VSs and IFSs, which has so far been done in the literature only by few authors (Gau&Buehrer, 1994 ,Bustince&Burillo, 1995 1996) , which leads to the undermining of the development of VSs. Second, the transformation of vague sets into Fuzzy sets using diverse techniques (Liu et al.,2008) .Third, numerical illustration for transforming vague sets into fuzzy sets and fourth, proposing a new method for correlation coefficient for vague sets.
II. VAGUE SETS AND INTUITIONISTIC FUZZY SETS
In this section, we introduce some basic concepts related to vague sets (VSs) and Intuitionistic fuzzy sets (IFSs). We illustrate that the graphical representation of VSs is more intuitive in perceiving vague values. Let U be a classical set of objects, called the universe of discourse, where an element of U is denoted by u. 
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The above example also indicates that, using a VS is more natural than an IFS for merging fuzzy objects.
Let A, B be two VSs in the universe of discourse
, and
Then the operations between VSs are defined as follows.
The intersection of VSs A and B is defined by
The union of vague sets A and B is defined by 
represents the overall evidence contained in a vague value and is shown in Figure 3 . It can be checked that The second is called the Imprecision membership, Mi = (1− f − t), which represents the overall imprecision of a vague value and is shown in Figure 4 . It can be checked that 0 ≤ (1− f − t) ≤ 1. In addition, the vague value [a, a], a∈ [0,1] has the lowest Mi which means that the membership of the corresponding object is known exactly (i.e. a fuzzy value). The vague value [0,1] has the highest Mi which means that nothing is known about the membership of the corresponding object. 
There are some unreasonable problems for some cases when we use method two to transform vague sets into fuzzy sets.
Method 3:In a more generalised form, the membership function of u to the set A F (which is the fuzzy set corresponding to the vague set A) is defined as (Lin et al., 2004) : 
. In this case, the abstentions persons voting attitude tends to vote in favour instead of against, since there are more affirmative votes than negative votes. 
This is also called as the Median membership value of the VS.
3.
This is also called the Defuzzification function
The vague data sets of Table 2are transformed into fuzzy sets using the above methods, and the data values are presented in the following Table 3 . The variations in transforming the vague data set into Fuzzy data set are clearly presented in Figure 5 and Figure 6 . Note: The truth and false membership values of the vague set are transformed into the Fuzzy sets using Median membership, Imprecision membership and Defuzzyfication function. 
Now for each A∈ VS(X), the informational vague energy of A is defined as follows:
The correlation of A and B is given by the formula: 
